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* The tone mapping module converts an HDR into an LDR. o | o
+ White balance (WB) scale parameters are merged with the exposure * The optimization speed of tone mapping does not match SH coefficients.
value and learned at once. * SHregularization allows scheduling to optimize low frequency first.
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* Modeling the tone-mapping module based on a physical camera pipeline LDR GT Ours NeRF-A ADOP
* QOur results show fine-grained details compared to NeRF-A and
proper color rendering compared to ADOP counterparts.
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* Deploying a multi-view dataset containing varying camera conditions
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